Research Journal in Advanced Humanities

Research Journal in

ADVANCED
HUMANITIES

https://doi.org/10.58256/8h63pn25

3 ®

Open
Access

Check for
updates

REVIEW ARTICLE Section: Cultural Heritage & Conservative Studies

ChatGPT and the digital humanities: A cross-domain review of human-Al collabora-
tion in education, work, and culture, and the question of trust for advancing SDG 4

Mashael Nasser Ayed Al-Dosari’, Ali Lamouchi?*, Aljwhrh Nasr A. Aldwsri?, Mohamed Sayed Abdellatif*, Reem Nasser
A. Aldosari’ & Hassan Mohamed Ibrahim®

Department of Educational Sciences, College of Education in Al-Kharj, Prince Sattam Bin Abdulaziz University, Saudi Arabia
Department of English Language and Literature, College of Science and Humanities, Prince Sattam bin Abdulaziz University, Saudi Arabia
3Department of Administrative Sciences, Applied College, Princess Nourah bint Abdulrahman University (PNU), Saudi Arabia
“Department of Psychology, College of Education, Prince Sattam Bin Abdulaziz University, Saudi Arabia

SDepartment of Sociology and Social Work, College of Social Sciences, Imam Mohammad Ibn Saud Islamic University, Saudi Arabia
Department of Libraries, Information, and Educational Technology Department, Faculty of Education, Al-Azhar University, Egypt

*Correspondence: a.lamouchi@psau.edu.sa

ABSTRACT

The rapid diffusion of ChatGPT into classrooms, workplaces, and
caregiving settings has become a defining episode in the humanities’
longstanding engagement with how new communication technologies
reshape reading, writing, and human judgment — yet the scholarship
on this episode remains fragmented, with most studies examining
single settings in isolation rather than asking what these episodes
share as instances of human-machine collaboration. This gap
matters for the digital humanities in particular, where questions of
language, literacy, authorship, and trust in mediated communication
intersect with the broader cultural and ethical stakes of generative
AD’s integration into everyday human activity. This review addresses
that gap by synthesizing evidence on ChatGPT usage, benefits, and
trust concerns across workplace, educational, software development,
marketing, and healthcare contexts, treating each as a site where
humans and a language-generating machine negotiate authorship,
judgment, and accountability. The purpose was to identify the task-
level and domain-level conditions under which ChatGPT yields
reliable gains, to characterize recurring reliability limitations, and to
determine whether the structure of a task — rather than the sector in
which it occurs — better explains when human trust in Al-generated
language is warranted. A narrative multi-domain literature review
was conducted, drawing on empirical studies published between
2023 and 2025 identified through structured database searches
and reference-list screening, with findings extracted, categorized by
domain, and synthesized thematically. Results showed that ChatGPT
produced the most consistent gains on bounded, language-heavy tasks
such as drafting, summarizing, and routine code generation, while
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performance declined on tasks requiring specialized judgment, cultural nuance, or verified accuracy, with
reliability concerns — including fabricated citations and inconsistent outputs — recurring across otherwise
unrelated sectors. These findings indicate that task structure, rather than industry sector, is the primary
determinant of ChatGPT’s trustworthiness, supporting adoption models that pair Al-generated language
with calibrated human oversight in education, professional practice, and care — an approach consistent
with the humanities’ broader concern for preserving human judgment, authorship, and critical literacy
amid the growing presence of generative language technologies in everyday life.

KEYWORDS: ChatGPT, digital humanities, generative Al, human-Al collaboration, language and
literacy, task structure, trust and reliability, cross-domain review, critical Al literacy, SDG 4, quality
education, sustainable education

Introduction

Since its public release, ChatGPT has rapidly become one of the most widely adopted conversational Al tools,
reshaping how individuals approach writing, problem-solving, and information-seeking across professional
and academic settings (Dwivedi et al., 2023; Libera et al., 2025; Sohail et al., 2023). For scholars in the digital
humanities, this diffusion is significant not merely as a technological event but as a cultural one: a machine
capable of producing fluent, context-aware text is now embedded in the everyday practices of reading, writing,
and meaning-making that the humanities have traditionally studied and taught (Jo & Park, 2024; Kasneci
et al., 2023). Its adoption has spread not only among technically oriented users but also within traditionally
non-technical fields such as healthcare, marketing, and education, unsettling long-held assumptions about
authorship, originality, and the boundary between human and machine-generated language. Scholars increasingly
describe ChatGPT usage as a family of workflows through which users offload reading, writing, coding, and
administrative tasks to a generative model (Azaria et al., 2024; Thant et al., 2024). This diffusion has prompted
growing research into both its benefits and risks, and, correspondingly, growing interest within the humanities
in how generative language technologies are transforming literacy, communication, and human judgment across
domains.

A substantial share of this research has examined workplace productivity, where findings are notably
consistent. Controlled and field-based studies report that ChatGPT assistance reduces task completion time
while improving output quality across knowledge work, consulting, and software engineering (Kim & Lee, 2025;
Kuhail et al., 2024; Matzko & Konur, 2024; Sanatizadeh et al., 2025). These gains are not evenly distributed,
with lower-performing employees often benefiting disproportionately relative to more experienced staff (Jo
& Park, 2024; Libera et al., 2025). Labor-market analyses further suggest that Al-related skills have become
increasingly valuable within knowledge-worker roles, reflecting rising organizational demand for ChatGPT-
related competencies (Yu & Yu, 2026; Zehir & Yilmaz, 2025). Together, these studies establish productivity as
a robust benefit of adoption.

In education, ChatGPT has been widely adopted for brainstorming, summarizing, explaining concepts,
and supporting academic writing (Alsuwaylim et al., 2026; Crompton & Burke, 2024; Nemt-Allah et al., 2024;
Ravselj et al., 2025). Writing interventions incorporating ChatGPT-assisted revision have produced measurable
gains in essay quality and outperformed conventional instruction in English-as-a-foreign-language contexts
(Pei et al., 2025; Tsai et al., 2024). Additional studies report improved comprehension, engagement, and
creativity among students using ChatGPT for guided learning tasks (Chen & Xu, 2024; Garcia et al., 2025;
Imran et al., 2024). However, these educational benefits are accompanied by persistent concerns regarding
academic integrity, plagiarism, and diminished independent problem-solving, prompting calls for Al literacy and
redesigned assessment practices (Bego, 2023; Cotton et al., 2024; Rasul et al., 2023).

Software development represents another domain where ChatGPT’s capabilities have been extensively
benchmarked. Code-generation studies show that ChatGPT can outperform comparable coding assistants such
as Copilot and CodeWhisperer, though performance remains sensitive to prompt context and task complexity
(Kalyan, 2024; Liu et al., 2023). ChatGPT has also demonstrated utility in code refactoring, documentation,
test-case generation, and bug repair, with accuracy improving substantially when richer contextual information
is supplied (DePalma et al., 2024; Koubaa et al., 2023; Takerngsaksiri et al., 2025). Nevertheless, several
studies report degraded performance on long prompts, unfamiliar problems, and large or complex codebases,
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underscoring the continued necessity of human review in professional software engineering workflows (Da Silva
et al., 2025; Jain et al., 2025; Kim & Ming, 2025).

Within marketing and customer-facing industries, ChatGPT has been adopted primarily for content
marketing, search engine optimization, and customer service automation (Singh et al., 2024; Tafesse & Wien,
2024). Empirical evidence indicates that Al-assisted, human-refined workflows can outperform human-only
production in both search-ranking performance and production cost (Briins & MeifSner, 2024). At the same
time, concerns have emerged regarding perceived brand authenticity, privacy, and the contextual limitations
of Al-generated communication, suggesting that quality control remains essential even where efficiency gains
are documented (Arslanoglu & Karakose, 2025; Iyengar et al., 2023). These mixed findings highlight that
marketing applications, while promising, require closer human oversight than more bounded technical tasks.
Healthcare applications of ChatGPT reveal a similar tension between measurable efficiency gains and serious
reliability concerns. Clinical documentation studies report substantial reductions in administrative time for tasks
such as discharge-summary drafting (Han et al., 2024; Tangsrivimol et al., 2025). However, studies examining
citation accuracy and clinical decision support have documented a large proportion of fabricated references
and non-trivial incorrect-recommendation rates in specialties such as oncology (Li et al., 2025; Shiraishi et al.,
2024). Additional evidence points to inconsistent performance across medical examinations and patient-facing
question-answering tasks, with accuracy varying considerably by specialty and language (Ishida et al., 2024;
Pavone et al., 2024; Riedel et al., 2023). These findings reinforce healthcare as a domain requiring cautious,
supervised ChatGPT integration.

Despite the breadth of evidence documenting ChatGPT’s benefits, most existing studies remain domain-
specific, examining workplace, educational, coding, marketing, or clinical outcomes in isolation rather than
comparing them within a unified analytical framework (Bilika et al.,2024; Navas et al., 2024; Suarez et al., 2024).
This fragmentation is itself a humanities problem: without a cross-domain, interpretive account of how people
read, evaluate, and act on machine-generated language, the field lacks a shared vocabulary for discussing when
such language deserves trust. Relatively few reviews have systematically synthesized cross-domain reliability
concerns, particularly the recurring pattern whereby fluent, confident-sounding outputs mask hallucinations,
fabricated citations, and inconsistent accuracy (Fatahi et al., 2024; Sallam, 2023). Moreover, limited attention
has been paid to whether task structure, rather than industry sector, is the underlying determinant of ChatGPT’s
performance and trustworthiness across otherwise unrelated fields, leaving an important gap in the comparative
literature and in the digital humanities’ understanding of how generative Al is reshaping human textual practice.
This review addresses that gap by synthesizing evidence on ChatGPT usage, benefits, and trust concerns across
workplace, educational, software development, marketing, and healthcare contexts, reading each as a distinct
site of human-Al collaboration in language and communication. Specifically, it aims to identify the task-level and
domain-level conditions under which ChatGPT produces reliable productivity and quality gains, to characterize
the recurring reliability limitations reported across sectors, and to determine whether task structure offers a
more consistent explanatory framework than industry classification. By consolidating findings from workplace
to classroom and beyond, this review seeks to clarify where ChatGPT-generated language can be trusted for
autonomous or semi-autonomous use and where human verification and critical literacy remain indispensable,
thereby informing more responsible and culturally sensitive adoption practices and contributing a cross-domain
perspective to digital humanities scholarship on human-AlI collaboration.

Methods

Review Design

This study employed a narrative multi-domain literature review design, consistent with interpretive approaches
common in the digital humanities, to synthesize empirical evidence on ChatGPT usage across workplace,
educational, software development, marketing, and healthcare contexts. A narrative synthesis approach was
selected rather than a formal systematic review because the objective was to identify cross-domain patterns
in human-AlI collaboration, productivity outcomes, and reliability concerns rather than a single pooled effect
size. This design allowed heterogeneous methodologies, including preregistered field experiments, benchmark
evaluations, quasi-experiments, and systematic reviews, to be interpreted within one analytical framework. The
review prioritized recent, empirically grounded studies published between 2023 and 2025 to ensure findings
reflected the capabilities of contemporary ChatGPT versions rather than earlier iterations of the model.
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Search Strategy and Data Sources

Relevant studies were identified through structured searches of academic databases and indexing platforms,
including Scopus-indexed journals, IEEE Xplore, and publisher repositories such as ScienceDirect and
SpringerLink. Search terms combined the keyword “ChatGPT” with domain-specific terms including
“productivity,
Boolean operators were used to refine results and capture studies addressing both performance outcomes and

% < % <« % <« % <«

education,” “software development,” “marketing,” “healthcare,” “trust,” and “hallucination.”
reliability limitations. Reference lists of retrieved articles were additionally screened to identify further relevant
sources not captured through database searching. This combined search strategy was designed to maximize
coverage across the five target domains while minimizing the omission of methodologically rigorous but less

indexed studies.

Inclusion and Exclusion Criteria

Studies were included if they empirically examined ChatGPT usage, performance, or user outcomes within at
least one of the five target domains and reported quantifiable or clearly described qualitative results. Eligible study
designs included controlled experiments, field studies, benchmark evaluations, quasi-experimental comparisons,
cross-sectional surveys, and systematic or scoping reviews. Studies were excluded if they were purely theoretical
or opinion-based without empirical data, focused exclusively on general large language model architecture
without reference to ChatGPT specifically, or examined Al tools unrelated to conversational assistants. Non-
English publications and studies lacking sufficient methodological detail to assess outcome measures were also
excluded, ensuring that the reviewed evidence base remained both relevant and interpretable.

Study Selection Process

Retrieved records were screened in two stages. Titles and abstracts were first reviewed to exclude clearly
irrelevant studies, followed by full-text assessment of remaining articles against the inclusion and exclusion
criteria. During full-text screening, particular attention was paid to whether studies reported concrete outcome
measures, such as completion time, accuracy rates, quality scores, or error frequencies, rather than general
impressions of usefulness. Studies meeting all criteria were retained for data extraction. Where multiple
studies examined overlapping domains, all were retained if they contributed distinct outcome measures or
methodological perspectives, allowing the review to capture both convergence and variation in reported findings
across similar contexts.

Data Extraction and Categorization

For each included study, key information was extracted, including the research domain, study design, sample
or task characteristics, outcome measures, and principal quantitative or qualitative findings. Extracted data
were organized into domain-specific categories corresponding to workplace productivity, education, software
development, marketing, and healthcare, with an additional cross-cutting category capturing trust, hallucination,
and misuse-related findings. This categorization enabled systematic comparison of outcome patterns both
within and across domains. Extracted results were subsequently tabulated to facilitate direct comparison of
effect magnitudes and outcome types, as presented in the accompanying results tables, while qualitative findings
were synthesized narratively to capture contextual nuance not reducible to numerical outcomes.

Data Synthesis Approach

Data synthesis followed a thematic, cross-domain comparative approach rather than statistical meta-analysis,
given the heterogeneity of outcome measures, study designs, and reporting formats across the included literature.
Findings were grouped according to recurring patterns, particularly the distinction between bounded, language-
heavy tasks and complex, high-context tasks requiring specialized judgment. Special attention was given to
reliability-related findings, including hallucination rates, fabricated citations, and inconsistent accuracy, given
their relevance to the review’s focus on trust. This synthesis strategy allowed the review to identify whether task
structure, rather than industry sector, functioned as a consistent determinant of ChatGPT’s performance and
trustworthiness across the examined domains.
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Results

Across the reviewed literature, ChatGPT was most consistently associated with measurable productivity gains in
professional and knowledge-work settings. Controlled and field-based comparisons of task completion with and
without ChatGPT assistance reported reductions in completion time alongside improvements in output quality,
with comparable patterns observed in consulting, software engineering, and broader labor-market indicators
(Kim & Lee, 2025; Kuhail et al., 2024; Matzko & Konur, 2024; Sanatizadeh et al., 2025; Yu & Yu, 2026).
Notably, these gains were not distributed evenly: lower-performing workers tended to benefit disproportionately,
narrowing performance gaps within teams even as experts retained an advantage on harder tasks (Ng et al.,
2025). Table 1 summarizes the principal quantitative productivity outcomes reported across these six sources.

Table 1. Workplace and Knowledge-Work Productivity Outcomes

Outcome Mea-

et al. (2025)

Group consultants

work quality

40% improvement in quality

Study Sample / Setting Reported Result Boundary Condition
sure
) 453 college-educated Completion o ) Gains strongest on
Kim & Lee ] . . 40% reduction in completion
professionals (preregis- | time and output | . ] i ) bounded, well-defined
(2025) . i time; 18 % increase in quality
tered experiment) quality tasks
. Performance Reduced inequality; low- High performers
Ng et al. International cross-sec- . . ) .
, inequality be- | er-performing workers bene- | showed smaller relative
(2025) tional workforce survey . . .
tween workers fited disproportionately gains
Degrades on tasks
Sanatizadeh Boston Consulting Task speed and 25.1% faster completion; &

outside the Al capability

frontier

analysis)

mium

mium for Al-trained staff

Kuhail et al. Professional software | Coding time and | 0.8 SD reduction in coding Not ced
ot reporte
(2024) developers (ChatGPT-3) | output quality time; 0.4 SD gain in quality P
Matzko . o 212% increase initially; Effect diminishes
Tracked software-engi- Productivity i )
& Konur ] ) ] ) 149% sustained after adop- but remains elevated
neering team adoption | index over time . .
(2024) tion post-adoption
27.8% of job ired Al
Knowledge-worker job | Al-skill demand ) o O1JODS Tequlre Labor-market signal
Yu & Yu ) skills; demand grew 376 % )
postings (labor-market | and wage pre- rather than a direct pro-
(2026) post-release; 17.7% wage pre-

ductivity measure

In educational settings, ChatGPT was associated with improvements in comprehension, engagement, and writing
quality when its use was pedagogically structured (Chen & Xu, 2024; Garcia et al., 2025; Pei et al., 2025;
Ravselj et al., 2025; Tsai et al., 2024). These gains, however, were consistently reported alongside integrity-
related risks: multiple systematic reviews documented cheating, plagiarism, and weakened independent problem-
solving among students who relied heavily on the tool, prompting recommendations for Al literacy training and
redesigned assessment (Cotton et al., 2024; Munaye et al., 2025). Table 2 reports the specific outcome measures
and associated caveats identified across these educational studies.

Table 2. Educational Learning and Writing Outcomes

Study Educational Context Outcome Measure Reported Result Associated Caveat

Improved comprehension Perceived as less

Global higher-educa-
tion student survey

Ravselj et al. Comprehension and

(2025)

reliable for critical
thinking

and higher engagement
engagement
reported

Garcia et al. Science-education | Explanation and com- Clearer explanations and

Not reported
(2025)

classroom study prehension quality improved comprehension
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) o ) Measurable gains in creativ- | Effects vary across
Chen & Xu | Meta-analysis of edu- | Creativity and cogni- ) - ]
o . ) ity and cognitive-develop- underlying study
(2024) cation interventions tive development o )
ment indicators designs
) Controlled EFL o )
Tsai et al. L ) Essay score after Al-as- Significant improvement
writing intervention . . . . Not reported
(2024) ) ) sisted revision over pre-revision baseline
(university)
. ) Writing outcome vs. ChatGPT-supported instruc-
Pei et al. Secondary-education i i ]
) ) conventional instruc- tion outperformed conven- Not reported
(2025) EFL quasi-experiment ) )
tion tional methods
Cotton et . ) Consistent evidence of Recommends Al-lit-
Systematic reviews o ) ) o o
al. (2024); o . Academic integrity and | cheating, plagiarism, and eracy training and
of academic-integrity | ) ) )
Munaye et 1 independent reasoning | weakened independent prob-| redesigned assess-
ris
al. (2025) lem-solving ment

Software development emerged as the domain with the most extensively benchmarked evidence. ChatGPT
outperformed comparable coding assistants on standardized generation tasks and produced faster or higher-
quality solutions than community forums on well-defined student assignments (da Silva et al., 2025; Fatahi
et al., 2024; Kalyan, 2024). On bug-repair benchmarks, performance was highly sensitive to the amount of
contextual information supplied in the prompt, and it remained competitive with, though not superior to,
dedicated automated-repair tools (Koubaa et al., 2023; Liu et al., 2023). Broader software-engineering task
suites showed more mixed effectiveness, reinforcing the need for human validation on large or complex
codebases (Kim & Ming, 2025). Table 3 presents the outcome measures and limitations reported across these
six coding-focused studies.

Table 3. Software Development and Debugging Benchmark Outcomes

Study Benchmark / Task  Comparison Baseline Reported Result Limitation Noted
) ) HumanEvalPlus reveals
Kalyan HumanEval code GitHub Copilot; 65.2% correct, versus 46.3% .
) ] additional faulty code
(2024) generation CodeWhisperer or lower for comparators .
under stronger testing
Fatahiet  Student algorithmic Stack Overflow Faster solution generation
] Not reported
al. (2024) coding tasks answers than Stack Overflow
Stack Overflow remained
da Silva et  Student algorithm/ Stack Overflow Higher code quality on algo- v v '
] i ) i more helpful for debug-
al. (2025)  library coding tasks answers rithm/library tasks )
ging
IEEEXtreme com- Competitive performance; ) .
Koubaa et o Refactory automated | P P i ) Still trailed experienced
petitive-program- ) improved substantially with
al. (2023) i . repair tool human programmers
ming bug repair added context
19/40 bugs fixed with limited
Liu et al. QuixBugs bug-re- Limited vs. enriched & S Performance is
i context; 31/40 with richer .
(2023) pair benchmark prompt context prompt-sensitive
context
Kim & Broader soft- S Mixed effectiveness across Requires strong human
) ) ] Cross-tool reliability ] ] o
Ming ware-engineering ) large-context engineering validation before deploy-
) comparison
(2025) task suite tasks ment

In marketing and customer-facing industries, ChatGPT use concentrated on content marketing, search-engine
optimization, and customer-service automation, with adoption strongest where text production was high-
volume and turnaround time mattered (Singh et al., 2024; Tafesse & Wien, 2024). Reported outcomes included
measurable efficiency gains, including a workflow in which Al-assisted human refinement outperformed human-
only production in search-ranking performance while lowering production cost (Briins & MeifSner, 2024). At
the same time, professional and public-facing use raised recurring trust concerns, including diminished perceived
authenticity when Al authorship was disclosed and mixed trust ratings among clinicians evaluating chatbot
responses (Arslanoglu & Karakose, 2025; Iyengar et al., 2023). Table 4 summarizes the corresponding outcome
measures and trust-related concerns.
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Table 4. Marketing, Customer Support, and Content Production Outcomes

Trust / Qualit
Study Domain / Application Outcome Measure Reported Result Q d
Concern
Topic-modeling analysis Concentrated in content
Tafesse & . ) o )
i of marketing applica- Application breadth  marketing, SEO, and B2B Not reported
Wien (2024) ] o
tions communication

Widespread use for cus-

Occasionally neu-

Singh et al. Marketing decision-sys-
& & ) Y Adoption pattern tomer strategy and service  tral but weakly con-
(2024) tems review .
automation textual responses
Al-assisted human-refine- .
. . Perceived brand
Briins & . ) Content quality, ment workflow outper- o o
) Social-media content ] authenticity dimin-
MeifSner ) search ranking, and  formed human-only produc- .
production study o : ished when Al au-
(2024) cost tion in search rankings at oL
thorship is disclosed
lower cost
Arslanoglu  Trustworthiness analysis Privacy and contex-
& Y Trust and reliability =~ Mixed trust ratings across Y i
& Karakose  of health-related chatbot i tual-understanding
perception response types
(2025) responses concerns

Iyengar et al.

(2023)

Survey of musculoskele-

tal clinicians’ perceptions

Professional trust

perception

Generally positive percep-

tion of utility

Security and con-
textual-understand-
ing concerns raised

by professionals

Healthcare and research applications produced the richest evidence on both efficiency and reliability.
Administrative time for clinical documentation was substantially reduced in at least one report, positioning
ChatGPT as a useful adjunct in low-risk support roles (Tangsrivimol et al., 2025). However, the same domain
produced the strongest evidence of unreliability: a large proportion of fabricated citations in guideline-related
question answering, a non-trivial incorrect-recommendation rate in oncology decision support, and variable
accuracy across neurological, toxicological, and dental-diagnosis tasks (Chen et al., 2023; Li et al., 2025; Madfa
et al., 2025; Qiu & Zhou, 2024; Shiraishi et al., 2024). Patient-facing responses were often comprehensive and
reproducible but not always sufficient for clinical decision-making on their own (Slawaska-Eng et al., 2025).
Table 5 consolidates these healthcare, research, and cross-domain reliability metrics.

Table 5. Healthcare, Research, and Cross-Domain Reliability Metrics

Study Domain / Task Metric Reported Result Implication
Tangsriv- . . L . .. . .
ol et al Clinical discharge-summary Administrative  70% reduction in adminis-  Useful in low-risk docu-
imol et al.
drafting time trative time mentation support roles
(2025)

Shiraishi et

Blepharoptosis guideline
Q&A and citation genera-

Reference /

citation accu-

Only 216 of 697 proposed
references (31.0%) actually

Major fabricated-citation

al. (2024) . . risk for research use
tion racy existed
) S Incorrect-rec- )
Liet al. Multidisciplinary gas- ) 5.25% incorrect recom- Unsafe as a standalone
) o ) ommendation ) o o
(2025) tric-cancer decision-making . mendations clinical decision-maker
rate
Chen etal.  Neurological exam grad- Incorrect-out-  10%-40% incorrect scor-  Variable accuracy across
(2023) ing-scale scoring put rate ing depending on scale clinical scoring tasks
Qiu & i i Roughly one-third of re- Reliability concerns
Carbon-monoxide poison- Response )
Zhou . . sponses showed unaccept- extend to toxicology
ing Q&A acceptability ) )
(2024) able inaccuracy guidance
Madfa et  Case-based dental-diagnosis Diagnostic Nearly three times more er- Model-to-model reliabili-
al. (2025) comparison error rate rors than Claude or Manus ty varies substantially
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Study Domain / Task Metric Reported Result Implication

Adequate for general

Slawas- Ophthalmology and Comprehen- 59.8% of responses com- . R .
) ) . i . information, insufficient
ka-Eng et hip-surgery patient-facing siveness and prehensive; 91.5% repro- . ..
o ) for clinical decision-mak-
al. (2025) Q&A reproducibility ducible

ing alone

Taken together, the quantitative results in Tables 1 through 5 converge on a consistent cross-domain pattern:
ChatGPT produced the largest and most reliable gains on bounded, language-heavy, and well-structured tasks
such as drafting, summarizing, and routine code generation, while its performance became markedly less
dependable on tasks requiring specialized judgment, long or complex context, or verified factual accuracy
(Bilika et al., 2024; Kalyan, 2024; Navas et al., 2024). This pattern held across otherwise very different domains,
from consulting and software engineering to clinical documentation and marketing content, suggesting that the
underlying determinant of performance was task structure rather than industry sector. The reliability findings
in Table 5, in particular, reinforce a broader concern raised throughout the reviewed literature: fluent and
confident-sounding outputs did not guarantee factual or clinical accuracy, which is why nearly every domain
examined recommended human verification as a necessary complement to ChatGPT-generated content (Sudrez
et al., 2024).

Discussion

The findings of this review indicate that ChatGPT’s benefits are neither uniform nor domain-bound but instead
follow a consistent, task-dependent pattern. Across workplace, educational, coding, marketing, and healthcare
contexts, the largest and most reliable gains emerged on bounded, language-heavy tasks such as drafting,
summarizing, and routine code generation, whereas performance became markedly less dependable on tasks
requiring specialized judgment, cultural or contextual nuance, or verified factual accuracy. This convergence
across otherwise unrelated sectors suggests that task structure, rather than industry classification, is the primary
determinant of ChatGPT’s reliability. The recurring co-occurrence of measurable efficiency gains alongside non-
trivial error rates further indicates that fluency and correctness are largely independent properties of ChatGPT’s
output — a distinction of particular interest to the humanities, where the persuasive surface of language has
long been understood as separable from its truth-value — reinforcing the need for structured human oversight
regardless of domain.

These results align closely with earlier workplace and technical-performance research. Preregistered
experiments and consulting-sector studies similarly reported substantial reductions in completion time alongside
quality improvements, particularly for professionals with lower baseline performance (Jo & Park, 2024; Kim &
Lee, 2025; Sanatizadeh et al., 2025). Comparable evidence from software engineering confirms that ChatGPT
accelerates coding tasks while remaining sensitive to prompt context and task familiarity, consistent with earlier
benchmark findings on code generation and bug repair (Kalyan, 2024; Kim & Ming, 2025; Kuhail et al., 2024;
Liu et al., 2023). The present synthesis therefore corroborates prior claims that ChatGPT functions best as an
augmentative tool rather than an autonomous replacement for expert judgment (Azaria et al., 2024; Matzko &
Konur, 2024).

The present findings also extend earlier education and healthcare literature by situating reliability
concerns within a broader cross-domain pattern rather than treating them as sector-specific anomalies. Prior
studies documented fabricated citations, inconsistent clinical recommendations, and academic-integrity risks
largely in isolation (Cotton et al., 2024; Li et al., 2025; Shiraishi et al., 2024). By comparing these findings
alongside marketing and workplace evidence, this review shows that such reliability limitations recur wherever
tasks demand contextual judgment or verified accuracy, echoing earlier calls for human-in-the-loop verification
across disciplines (Bilika et al., 2024; Sallam, 2023; Suarez et al., 2024). This cross-sectoral confirmation
strengthens the argument that trust concerns are systemic rather than incidental to any single field of application.
These findings carry several practical implications. Organizations adopting ChatGPT for knowledge work,
content production, or technical development should design workflows that pair Al-generated first drafts with
mandatory human verification, particularly for tasks involving factual claims, citations, or specialized judgment.
Educational institutions should similarly prioritize Al-literacy training and redesigned assessment strategies that
acknowledge both the writing-support benefits and the integrity risks associated with student use. In healthcare,
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the evidence supports restricting ChatGPT to low-risk, adjunctive roles such as documentation support rather
than autonomous clinical decision-making. Collectively, these implications suggest that responsible adoption
depends less on restricting ChatGPT use outright and more on calibrating oversight to match the structural
demands of each task.

Implications for Digital Humanities Scholarship

Beyond its practical implications for organizations, schools, and clinics, this review speaks to concerns that
are central to the digital humanities: how the introduction of a fluent, non-human author into everyday
textual practice reconfigures notions of authorship, literacy, and interpretive authority. The recurring finding
that ChatGPT’s fluency does not reliably track accuracy echoes a long-standing humanities concern with the
rhetorical persuasiveness of language independent of its truth-value, and it suggests that critical reading and
source evaluation — skills traditionally cultivated within literary and rhetorical study — are becoming more,
not less, essential as generative Al mediates communication across education, work, and care. The cross-domain
persistence of trust concerns also points to a cultural dimension of adoption: institutions and individuals are not
simply deciding whether to use a tool but are renegotiating who, or what, counts as a credible speaker in a given
context. Digital humanities scholarship is well positioned to study these negotiations, both by documenting
how communities of practice adapt their norms of authorship and citation in response to generative Al, and
by contributing humanistic frameworks for critical Al literacy that complement the technical and managerial
oversight measures identified in this review.

This review is subject to several limitations. First, the narrative synthesis approach, while suited to
capturing cross-domain patterns, does not permit the statistical pooling of effect sizes achieved through formal
meta-analysis. Second, the included studies varied considerably in methodological rigor, sample size, and outcome
measurement, complicating direct comparison across domains. Third, most reviewed studies examined short-
term task performance, leaving longer-term effects on learning retention, clinical outcomes, and organizational
return on investment largely unaddressed. Finally, because ChatGPT continues to be updated, findings based on
earlier model versions may not fully generalize to current or future iterations, limiting the durability of some
conclusions drawn from the reviewed literature.

Future research should prioritize longitudinal designs capable of capturing sustained effects of ChatGPT
use on learning outcomes, workplace performance, and clinical decision-making beyond initial task completion.
Direct comparative studies evaluating ChatGPT against alternative Al assistants outside coding contexts would
help clarify whether observed advantages are tool-specific or generalizable. Additional research is also needed
to quantify downstream costs associated with verification and error correction, which remain poorly measured
despite their practical significance for adoption decisions. Finally, studies explicitly testing the task-structure
hypothesis proposed in this review, comparing bounded versus complex tasks within controlled experimental
designs, would help establish more definitive causal evidence regarding when ChatGPT can be trusted for
unsupervised use.

Conclusion

This review demonstrates that ChatGPT delivers meaningful and reproducible benefits across workplace,
educational, technical, marketing, and healthcare domains, particularly for bounded, language-heavy tasks,
while consistently unsettling assumptions about authorship, literacy, and interpretive authority that have
long been central to humanities inquiry. These benefits are consistently accompanied by reliability limitations
that transcend sector boundaries, underscoring that trust in ChatGPT-generated language cannot be assumed
uniformly across contexts and must instead be earned through critical reading and verification. The evidence
points toward a clear practical model: ChatGPT functions most effectively as an augmentative tool within
human-supervised workflows rather than as an autonomous decision-maker or an autonomous author. As
adoption continues to expand from the workplace to the classroom and beyond, sustained attention to task-
appropriate verification and to the cultivation of critical Al literacy will remain essential to realizing ChatGPT’s
benefits while minimizing the risks associated with its documented limitations — a task to which the digital
humanities, with their long engagement in questions of language, authorship, and interpretation, are well suited
to contribute.
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